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Introduction Results Discussion

e Samples were collected from three sites: site 1 (seepl - D24, D27, and D23), site 2 (seep2 - D72 and D75), and reference (D21 and D30). D24 contained characteristics from all o
three sites and was labeled as a transition sample.

e After the 2010 BP o1l spill, 1t was estimated that half of the o1l was removed from the ocean by physical After exploratory analysis of the hydrocarbon seepage datasets, our conclusions align with Zhao et al.

and chemical methods and the other half was unaccounted for at the time. 2020, and reveal more about the samples' representativeness and contamination.

e Kraken taxonomic reports revealed that 88-90% of the sequences remain unidentified per sample. Regardless of the level of classification, 1dentified taxa have low (<91%) o

e Mectagenomic techniques allow researchers to study microbial communities, revealed their ability to While the visualization methods perform exploratory analysis exploring different questions, each method

abundance 1n total.

degrade o1l or hydrocarbons. has their strengths and limitations that should be considered. This 1s summarized in Table 1 below.

e From the rarefaction curves (Fig 3) we determined that the metagenomes collected were representative. The samples begin to plateau when 475 unique species were 1dentified e The scripts written to make the plots and input data are available on GitHub in a Jupyter notebook for

public use: https://github.com/hleffler/Microbial-visualization.

e Data for this project was downloaded from a research study focusing on the microbial response to

hydrocarbon seepages (the natural release of o1l or gas bubbles from the ocean floor shown in Fig 1). per 1.5 million sequences.

This study found that hydrocarbon seepages can significantly alter the microbial community. e In the two ordination plots (Fig 4) the seep samples and reference samples cluster together respectively, showing higher correlations of the microbial profiles between them. e Exploration of the structure and function of sediments metagenomes from hydrocarbon seepages can aid
® Researchers app]y1ng metagenomics o T e The heatmap (Flg 5) showed that Homo Sapiens sequences are most abundant, hkely due to human contamination, and there are other SpGCi€S-1€V€1 differences between SCCP and In future environmental disasters
techniques generate large datasets to [ o ocos reference sites.
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capture the complexity of the microbial . BEMNCEMRERGE [ e Looking further into these taxonomic changes in the alluvial plot (Fig 6), the transition sample (D24) has a similar taxonomic profile to both the reference and the seep samples. Table 1. Strengths and limitation of the four visualization methods explored in this study.
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The last column represents the percentage of the six most abundant phylum (out of 46) with the

Figure 2: Metagenomes were first annotated to identify the taxa per sample. Taxonomic differences were e ,
remaining binned to the category Other.

then explored using four different visualization methods
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